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‘H YIEYOYNH AHAQXH

O Kvphrg Idocwv yvopilovtag Tig cLuVvETELEG TG AOYOKAOTNG, INAdV® vrevbuva 6Tl M
moapovoa epyacio pe titho «O poroc Twv peydAwv doedouévov (big data) wor g
TPoYvooTikng avaivong (Predictive analytics) otn Popmyoavia alovpiviov », amoteAel
TPOTOV OGTNPA TPOCHOTIKNG EPYOCIOG Kot OAEG OL TNYEG TOL €)X XPNCOTOMGEL, EXOVV
ONAwBel katdAAnia otig PPAOYpapKés Tapamopméc Kot avaeopés. Ta onueio 6mov €£xm
YPNOUOTOMGEL 10€€G, KEIUEVO /KL TNYEC GAAWV GLYYPOPEMY, OVOPEPOVTOL EVOLAKPITA
OTO KEIUEVO HE TNV KOUTAAANAN TOPATOUTT KOl 1| GXETIKN OvVOQPOpPd TEPIAOUPAVETOL GTO

TUALO TOV BIPAOYPUPIKOV OVOPOP®OV LLE TANPN TEPLYPOON.
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Evyapiotieg

Evyopiotd Oeppd tov emPrémovia kabnynt pov k. Zoayoépn Kovotoviivo yio v
KoTavonoT Tov Katd TNy ekndvnon g Tapovcas HEAETNG kot TV otnpién tov. Eniong, Oa
MO VoL ELYOPIGTHCM TNV OIKOYEVELD LLOV KOl TOVG avOPOTOVE TOL TV SITA LLOV Y10 TV
néum vmoompién mov pov mpocEeepav. [dtutépme, Ba MBela va gvyaploTHO® TOV
KaOnynt| Xopdhopmo AyKupOTOLAO Y1d TIG AKAOLOTKEG TPOTAGELS TOV, TIG VTOJEIEELS Kt
GLUPBOVAES, KAOMDC Kot TIG TOAVTULES YVAGELG TTOV OV TPOGEPEPE GTNV GTATIGTIKY] OVAAVOT)

TOV 0E0OUEVMV, TIC 0TToleg Lolpdotnke amAdyepa nall pov.

viii



AQiépmon

2TV UWVHUN TOD TOTEPA OV



Iepiinyn

210 onNUeEPVO TAYEWG £EEMOGOUEVO EMLYEPTUOATIKO TOMO, Ol OPYOVICUOL 68 OAOVS TOVG
KAGOoLS a&lomotohv Tn UV TOV 0ES0UEVAOV Y10, VO TPO®ONGOLV T AN TEKUNPIOUEVOV
ATOPACEMY KOl VO OTOKTGOVV avVIOY®VICTIKO TAgovEKTa. H Bropnyavia ahovuviov, pe
TIC TePIMAOKEG AEITOVPYIEC KOl TN OLVOIKY OAVGION EPOSOGUOV TNG, OEV OTOTEAEL
e€aipeon. Y100etdvTog To peydio 0E00UEVA KOt TV TTPOYVMGTIKY| AVAALGY, 0 KAASOS AVTAOC
£xel TN duVaATOTNTO VO PEPEL EMOVAGTOOT) OTIS JLOOIKAGIES TOV, VO AVENGEL TN AEITOVPYIKN

ATOd0TIKOTNTO Kot VO EEKAEIOMOEL VEEG EVKALPIEC.

‘Eva and ta Pacikd 0@EéAN TV peydAmv ded0UEVOV KOl TG TPOYVAOOTIKNG AVAALGNG OTN
Bounyavia eivar n Pertiotonoinon TV S10dIKOGIOV. AVOADOVTOG TEPACTIEG TOCOTNTEG
dedopévmv, ol eToupeieg Wropohv vo EVIOTIGOVV HOTIRo Kol TACELS TOV OTOKOADTTOVV
OVETMAPKELES OTIS OpPACTNPOTNTEG TOVG. AVTH 1 S0PATIKOTNTO TOLG EMITPEMEL VO
eEopBoroyicouv T1g poég epyaciog TapaymyNs, Vo LELOGOVY T GTATAAN Kol VO BEATIOGOVV
TN OULVOMKN Topay®ykomto. ['o mapddetypa, avoldoviog 16TOPIKE JedOUEVO Kot
TAnpogopieg awoOnmpwv oce  TPOyHOTIKO YpdVO, Ol opyavicpol umopodv  va
BeAtioTOnOMGOLV TIC TAPAUETPOVS TOV KMPBAVOV, TIG GUVOECELS KPAUATOV KOt TIG TEVIKES
YOTELONG, UE OMOTEAEGUO VO TAPAYOLV TPOIOVIO LYNAOTEPNG TOWOTNTAG LE UELWUEVT

KOTOVAAWON EVEPYELOG.

H Bopnyavia orovuwviov Pacileton 6e pio moyKOopo Kot Scvvoedepévn aAvcioa
€POOOGHLOV KOl TOL LEYAAN OEO0UEVA GE GLVOVAGUO LE TNV TPOYVAOGTIKY AVAAVGT) UITOPOHV
va gvioyvoovv T Owyeipion e H opatdtmra oe mpaypoatikd ypdvo yuo to. enimedo
arofepdtwv, To TpdTuma (NTNoNG Kol TIG AAVGIOES LETAPOPAS Kot amodnKevong EMITPETEL
GTOVG OPYAVICHOVS Vo PeAtioTomolovy to eminmeda amofespdtwv, va mpoPAémovv Tig
dtkvpdvoetg g Rmong kot va Aapavovy amo@doelg faoel dedoUEVOV GYETIKA e TNV
wpounBeta Kot tn davoun). Kdrti tétoto £xet og amotédecpa ) PeEATiOON TG EMYEPNGLOKNG

amdd0oNG, TN LEIMOT TOL KOGTOVG Kot TN PEATIMON NG IKOVOTOINGNG TV TEAATMV.

H Buocyomro amotehel avavopevn avnovyio otn Prounyavio adovpwviov. Ta peydia
Ogdopéva Kol M TPOYVOGTIKY OVOAVLOT UTopoLV va cvufdiovv kabBopioTikd oTig
TPOTOPOVAIEG Kot TPoonTIKEG Prwoipudtrag Kabe eldovg emyeipnone. Me v avdivon
OOOUEVOV aVAPOPIKA Y10 TOPAOELYLLOL LLE TNV KOTAVAAMOT EVEPYELNG KO TIG TOUPAUETPOVG
TOPOY®OYNG, Ol EXLYEPNGELS UTOPOVY VO EVIOTICOVV TTEPLOYEG AVATOTEAECUATIKOTNTOG KO
VO EQAPUOCOVY GTOYXEVUEVES BEATIDCELS, 0ONYDOVTAG G EE0IKOVOUNOT) TNG EVEPYELNG KO
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peiwon tov amofAntev. H mpoyvootikny avdivon pmopet eniong va mpoPfAéyet n {nnon
EVEPYELOG KOL VO EMLTPEYEL TN Suvapuky €€160ppOTNGN (OPTIOV, PEATIGTOTOL®VTOG TNV

KOTAVAA®GON o€ OAN TN J10OIKAGI0 TOPAYWDYNG.

A&Earg khewd: Meydho Agdopéva, TPoyveooTiky avdAivon, Bopnyovic aAiovuiviov,

Tapoywyn, dlayeipion amobepdtov, flwspota.



Abstract

In today's rapidly evolving business landscape, organisations across all industries are
harnessing the power of data to drive informed decision making and gain competitive
advantage. The aluminum industry, with its complex operations and dynamic supply chain,
is no exception. By adopting big data and predictive analytics, this industry has the potential

to revolutionise its processes, increase operational efficiency and unlock new opportunities.

One of the key benefits of big data and predictive analytics in the industry is process
optimization. By analyzing vast amounts of data, companies can identify patterns and trends
that reveal inefficiencies in their operations. This insight allows them to streamline

production workflows, reduce waste and improve overall productivity.

The aluminium industry relies on a global and interconnected supply chain and big data
combined with predictive analytics can enhance its management. Real-time visibility into
inventory levels, demand patterns and transportation logistics allows organizations to
optimize inventory levels, anticipate demand fluctuations and make data-driven decisions
on supply and distribution. This results in improved operational efficiency, reduced costs

and improved customer satisfaction.

Sustainability is a growing concern in the aluminum industry, and big data and predictive
analytics can contribute to sustainability initiatives. By analyzing data, indicatively on
energy consumption and production parameters, organizations can identify areas of
inefficiency and implement targeted improvements, leading to energy optimization and
waste reduction. Predictive analytics can also predict demand, energy demand and enable

dynamic load balancing, optimising energy use throughout the production process.

Keywords: Big Data, predictive analytics, aluminum industry, production, demand,

logistics, sustainability.



