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Ynev0vvn AfjAwon

H Xoapd Neogvtov, yvopiloviog Tig cuvémeleg ¢ AoyokAomig, dnAdve vredbovva 6t n
mopovoo gpyacio pe TitAo «H emidpoon TV SOQOPETIKOV HOPOOV TPOCOTOTOINGCNG
(personalization) oto Digital Marketing 6tnv eumotocOvn Kot TV TGTOTNTA TOV KOUTAVOADTOV:
Mo EUTEPIKT TOGOTIKN LEAETN, OMOTEAEL TPOIOV AVGTNPE TPOGOTIKNG EPYOTinG Kol OAEG O1
TYEG OV £Y® YPNOUOTOMGEL, £Y0VV INA®OEL KaTAAANAQ OTIG PPAI0YPAPIKES TOPATOUTES Kot
avapopés. Ta onpeio 6mov £xm YP1OILOTOMCEL 10EEG, KEIEVO /KoL TNYEG GAL®Y GUYYPUPEDY,
avaPEPOVTAL EVOLAKPLTO GTO KEIUEVO HE TNV KOTOAANAN TOPOTOUTN KOL 1 CGYETIKN OVOPOPA

nepapPdveTorl 6To TUNHA TV BIPAOYPUPIKOV OVAQOPOV HE TANPT TEPTYPOUPN.

H Anjovoa



[Ipdroyog

H emloyn tov Béuatog g Topovcag SITAMUATIKNG epyaciag dev NTov Toyaio. Epyalouevn
Yoo 0pKeETA Xpovia otov ympo tov Digital Marketing kou tng sumelpiog mehdrn, siyo v
EVKOIPIOL VO TOPOTNPNCO OO KOVIA MG 1 TPOCOTOTOINGT SOUOPPAOVEL, Kol TOAAES POPES
kaBopilet, ToV TPOTTO e TOV OTTOI0 01 KATAVOAWMTEG AAANAETOSPOVV UE TIG papkec. To epdTnua
OV L€ OMOGYOAOVCE EMAYYEAUOATIKG Kot akOdNUAlkd NTav ovclaotikd: H mpocwmonoinon
EVIOYVEL TNV EUTIOTOGVHVI KOl TNV TGTOTNTA, 1] TIG bITovopevet, Kat motog axpipag eivor porog

TOV TPOCHOTIKMV dedopévmv; H Tapovoa Epguva amoTéAece TV gukoipio vo To SIEPEVVIOWM.

H exnévnon g epyaciog avtng dev Ntav yopic dSuokoriec. Katd t didpkeia tng eKmovnong
™G, TEPAGH OO [0l 1O10ATEPO OTALTNTIKT TPOCMIIKY| KOl EMAYYEALOTIKY TEPT0d0: LETE 0o
Tpio cvveyOUeva Xpovia otny 1w epyacio, TEPASH £va SIACTNHA AveEPYIAG, Yo VO EEKIVIOM
oTn cvvéxEld véa Béom epyaciog — o HETABOOT TOV, GE GUVOVAGUO LE TIG OTOLTGELS TOVL
LETATTUYIOKOD TPOYPAUUOTOC €€ OMOCTACEMG, OMAITNCE OLOTNPY OloYEIPLoN YPOVOL Kot
avtoyn. EmmAéov, 1 cuALoy emapkovc SElYHOTOG OMOTEAEGE MO AO TIC O YPOvoPOpeg
TPOKANGEIC NG €peuvag, KOOMG 1 TPOCEYYIOT) GULUUETEXOVIMV TPOUTOITOVGE GUVEXT

TPOCTAOELD, KOl ETLUOVT.

H oloxAfpwon g epyaciog avtig dgv o fTay ikt Y®pig TNV VTOGTAPIEN TPOCOTWY TOL

otafnkav dimha pov k' OAN T didpkela avng g Tpoondbelas. Tovg gvyoplotd Bepud.

Evyapiotiec kol apiEpmon

Oa Nfela va ekEPAo® TIG EVYOPIOTIES LoV oMV eMPAETOVoE KabnynTpd pov, Ap. Xoeia
AvVOoTOG1A00V, Y10 TNV EXLOTNHOVIKT KaBodnynor Kot Ty vrootpiEn g Katd  didpkeia

EKTOVNONG TNG TOPOVGOG EPYACTOG.

H epyascio avtr givor apiepopévn o popd pov, mov eivar edd Kot pe otnpilel, Kol 6Tov

UTOUTA OV, TTOV EEP® OTL UE KOUOPMVEL OO YNALL.
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[Tepiinyn

H mapovoca Stmhopatikn epyacio diepeuva TV EXIOPOOT) TPLOV HOPO®V TPOCOTONOINCNG GTO
Digital Marketing — tng dnpoypagikng, g copmeptpopikng kot tng Al-driven / Predictive —
OTNV EUTIGTOGVVT| KOL TIGTOTNTO TOV KATUVOAOT®V TPog TG papkes. [apdrinia, e&etaletl Tov
POLO MUOYPUPIKAOV TOPOYOVI®V, OTMOS 1| NAKIN Kol TO VA0, KOOMG KOl TOV OVTIKTUTTO T®V

AVNGLYIDV Yo TV W10TIKOTTA 6TV omodoyn g Al-drivn / Predictive mpocwmomoinomng.

Mo v enitevén TV gpeuVNTIKOV GTOY®V, VI0OETHONKE TOGOTIKY| EPEVVNTIKN TPOGEYYION
LEC® SOUMUEVOL EPOTNUATOAOYIOV, TO 0mol0 cuumAnpdbnke amd 120 gviiikeg, KoToikovg
Kompov. To epotnpatordyro mepreddppave khipoxeg Likert yio ™ pétpnon twv Pacikdv
LETAPANTOV, GUYKPITIKES EPOTNOELS AELOAGYNOTG OTTIKMY GEVAPIMV TPOGMTOTOINCNG, KAOMG
Kol OVOIKTEG epmTNoelg oevapiov. H avdivorn tov dedouévev mpaypatomodnke pe 1o
OTOTIOTIKO Aoyiouiko Jamovi, alonoidvtag aviilvuon cuoyétiong Pearson, ToAAamAn Ko oA

Ypapkn moAvopounon, One-Way ANOVA ko Independent Samples t-test.

Ta amoteréopata £6€1&av OTL KOl OL TPEIG HOPPES TPOCOTOTOINGNG ennpedlovy Oetikd Kot
OTOTIOTIKA GNUOVTIKA TOGO TNV EUTIGTOGUVI] OGO Kol TNV TIGTOTNTO TOV KOUTOAVOADTMV, LLE TNV
Al-driven / Predictive mpocwmomoinon vo gugovilel ) pueyodvtepn enidpoon. Qo16c0, o€
oLVONKEG TPAYLOTIKOD GEVAPIOV, 1) OMUOYPUPIKT TPOCOTOTOINGT avadeiyOnke wc 1 Lopen
OV EUMVEEL T UEYOAVTEPT EUTIGTOGUVI, GPEPVOVTOS OTNV EMPAVELD Lo avTipaon HeTtasd
YEVIKOV 0TAcE®V Kot PLlopatikng epnepioc. EmmAéov, S1amotadnKay oToTioTIKd ONUOVTIKEG
SlpopEG ava nAkio, LE TOLG VEOTEPOVLS KATAVUAMTEG Vo EU@aviouv vymAdtepa emimeda
EUMGTOOVVNG KOl TOTOTNTOG, KOl oVl PUAO, UE TIC YUVOIKES VO avTamokpivovtal BeTikdtepa
omv mpocwmomoinon. Téhog, emPefarddnke 1 apvnTiKy EmIOPACT TOV CVNCLYLOV Yid

WwwtikdTa oty amodoyn g Al-driven / Predictive mpocwmomoinonc.

Ta evpfjuata g Epevvag GLUPBAAAOVY OTN YEPDPWOOT TOV EPEVVITIKOD KEVOD CVOPOPIK LE
1 CUYKPITIKY UEAETN TOV EMUEPOVS UOPPDYV TPOCMOTOTOINCTG, KOl TUPEYOVY TPOKTIKESG
KatevBovoelg yuo emayyeipatieg tov Digital Marketing mov emididkovv va oyeddcovV
oTpatNYIKEG eEaTopiKELONG TOL GEPoVTAL TV OIOTIKOTNTA KOl EVIGYDOVV TN LOKPOXPOVIK

oY£0M LE TOVG KOTOVOAMTEG.

AéEeic-khedd: mpocomonoinon, digital marketing, eumictochvn KATAVOA®TY, TGTOTNTA

katavaAwt, Al-driven Tpocwnonoinom, W1OTIKOTNTA

11



Abstract

This dissertation investigates the impact of three forms of personalization in Digital Marketing
— demographic, behavioral, and Al-driven / Predictive — on consumer trust and brand loyalty.
In parallel, it examines the role of demographic factors such as age and gender, as well as the
influence of privacy concerns on consumers' acceptance of Al-driven / Predictive

personalization.

A quantitative research approach was adopted, utilizing a structured questionnaire completed
by 120 residents of Cyprus. The questionnaire included Likert-scale items measuring the core
variables, comparative questions evaluating visual personalization scenarios, and open-ended
scenario-based questions. Data analysis was conducted using Jamovi statistical software,
employing Pearson correlation analysis, multiple and simple linear regression, One-Way

ANOVA, and Independent Samples t-tests.

The results indicated that all three forms of personalization positively and significantly
influence both consumer trust and brand loyalty, with Al-driven / Predictive personalization
demonstrating the strongest effect. However, in the context of a real-life scenario, demographic
personalization emerged as the form that inspires the greatest trust, revealing a tension between
general attitudes and lived experience. Statistically significant differences were also found by
age, with younger consumers displaying higher levels of trust and loyalty, and by gender, with
women responding more positively to personalization. Finally, privacy concerns were

confirmed to negatively affect acceptance of Al-driven / Predictive personalization.

The findings contribute to bridging a research gap regarding the comparative study of distinct
personalization types, and offer practical guidance for Digital Marketing professionals seeking
to design personalization strategies that respect consumer privacy while fostering long-term

brand relationships.

Keywords: personalization, digital marketing, consumer trust, brand loyalty, Al-driven

personalization, privacy
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